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1. EmxArorg

Yy mapovoa gpyocio xaholuasTe... - Ag ypddouue wa eloaywyy| Baclopévn xdnene »g Tohd o) uixer
neplhudn TV 0UCLOBWY TEAYUATWY TOL EVOL VO VAOTIOLACOUUE, OAAS Xat TNV oNpacior Toug xou Tov POANO Tou
notlouv (my mhnpogopies yio o TSK povtéha xou nwe yenotponototvte (3!))

1.1. Topadotéa

Ta nopadotéa Tng epyaciog anotehodvTon anod:
e Trv mapoloo avapopd.
e Tov xatdhoyo source, pe tov xmOuxa Tne matlab.
e To clvdeouo ye to anovethplo Tou TEPIEYEL TOoV XxWdxa Tne matlab xodcde xou avtdv g avapopds.

2. Y AOHIOIHZH

- Ac avagépoupe OTL umhixaPe 0T AOYIXH Vo XAvVouUE xdmoleg apaupécels, mou Yo Bondoloay oTny Sievépyela
xol Twv 000 urno-tasks mou €yel n gpyaocia. - No modue ot n gpyaoia unopel va exteAeoTel eXTEADVTOC TO
dVo scripts (scenariol xou scenario2) xou 6Tt and autd T script xohovvton oL cuvaptioec. - Na cuveyloouue
pe xdmola mdoa (xelpevo) yiow TNV UAOTOINOY TWV CUVIPTACENY TEOTOU TEPAGOUNE oTa Scripts mou efvar ta
{nrodueva tne epyaciog

2.1.  Awywptopdc dodouévey - split_datal()

- Na e&nyriooupe ) Aettoupyio tng ouvdptnone - No e€nyroouue t pdro nailel to seed xau yatl To yenouo-
rowoaue - No e€nyricouye yiotl anogacicope vo emotpépouue X xaL y

2.2. Ilpoeneepyaoia dodouévmv - preprocess data()

- Ac¢ Zexmwvhooupe avagpaipovtag to T etvon xan yiortl ypetdletan - Noe€nyriooupe ) S pog npocéyylon (xaw ot
TIELOOWOLTIO THXAUE UE TO z-score olha Bev To ypnowonotoope) - Noe&nyrioouue tnv Aettovpyia Tne cuvdptnong

2.3.  AZwoloyiom - evaluate()

- No e€nyriooupe to Prpa evaluate xou mwe yenowonoelton - Na e€nyroouue ) dix) pog npocéyylon - Na
e€NYNoouUE Twe BOVAEVEL 1) CUVETNOT)

2.4.  BEygdviorn anoteAeoudtwy

- No avoupépouye GUVOTTIXG OTL VAOTIOOAUE 2 GUVIRTNOELS Yol Vo EUpovi{ouPE xon Vo amoUnxebouue cuoTr-
pated T plots yior euxolla. - Na todue xdmola Bacixd yior Ty vAoroinon av €youve xdtL evilapépoy Uéoa


https://git.hoo2.net/hoo2/FuzzySystems/src/branch/master/Work%203
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3. 2ENAPIO 1 - E®APMOT'H TE AIAO Dataset

- Na Eexwnioouue avagépovtog TL etvan o {ntoduevo €8¢ - Na e€nyrooupe ) duxr Yog mpocéyyion oTn Ao
(mwe emné€ape ap. mf, ap. enoy v, petpxéc xhn) - Ta ta 4 povtéha exnaidevong vo avagépoupe (topadétoviag
X0 TIC EXOVES) UE TN OELRd

3.1. Xuvopthoel cupueToYhc

- Apyixd TIC CUVAPTACELS CUUHMETOY NS TV UOVTEAMV. No molue xdmotar AoyLaL Xa UXEES TAUPATNENOELS
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SxAua 1: Heprypap...

3.2, Awypdyuporo udinone

- 'Enerta No Bdhoupe oav tetpdda ta dtorypdupata udidnone (my oto oyfua Yy Topad€TOuUE Tor Slarypduiorto)

No molue xdmotar AoyLa o Uxpéc TUPATNENOELS

3.3.  Xgdhpato npdBredng

- 'Eneita No Bdhovpe oav tetpdda tor o@dhupata (ty oto oyfua yy mopadétoupe to ) Na nolue xdmowa AoyLo
XL UXEES TORATNEYOELS
3.4. YX0yxpwon actual - predicted

- 'Enerta Now Bdhoupe oav tetpdda tor o@dhpata (ty oto oyfua yy mopadétoupe to ) Na nolue xdmowa AoyLo
XOU ULXPEC TTORATNENOELG
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3.9.

No avagalpouye oe mivaxo toug deixteg Metrics | Model-1 Model-2 Model-3 Model-4
MSE | 16.926 17.141 12.895 30.475 RMSE | 4.1142 4.1401 3.591 5.5204 R2 | 0.66468

YUVOALXS
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SxAua 2: Ieprypap...

Membership Functions — Model 3
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Sxua 3: Ieprypapy...

Input x5

0.66043 0.74454 0.39627 NMSE | 0.33532 0.33957 0.25546 0.60373 NDEI | 0.57907 0.58272 0.50543 0.777
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No oyoldoouye to amoteAéoyota
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SxAua 4: IHeprypap...

4. Y ENAPIO 2 - Dataset ME TYHAH AIAYTAYIMOTHTA

5.

Y TMIIEPAXMATA

Input x5
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Learning Curves | Model 1 Learning Curves | Model 2
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BxAua 5: Yyediaon xar amdxpion yoauuxov eleyxti.
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Mean absolute error: 1.867028

Iteration

BxAua 6: Yyediaon xar amdxpion yoauuxov eleyxti.
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Predicted vs Actual | Model 1 Predicted vs Actual | Model 2
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IxAua 7 Yyediaon xar amdxpion yoauuxov eleyxti.
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